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Abstract. Term selection is a very important problem for text repre-
sentation in Natural Language Processing. Several methods have used

entropy, a measure of the information, in order to select "best" fea-

tures; although, most of the time, such selection is done a posteriori,
namely supervised. Supervised methods have better results with respect

to unsupervised methods, but they require past experience. In this paper

we propose an unsupervised term selection method using entropy. This
method enhances Fi measure reducing the dimensionality of term space

of an Information Retrieval System using TREC-5 Spanish collection.

1 Introduction

Text representation is necessary for many Natural Language Processing (NLP)
tasks. State of the art, in text representation dealing with a texts collection,

reveals most of the techniques using "bag of words" approach; i.e. the use of
terms contained in the text, in order to represent it. This approach is based in

the Vector Space Model (VSM) [3], in which a weight is assigned to each term,
regarding the frequency of terms in each document and the number of texts that

use such term: tfij idf;; thus, each dimension is related with a term. Typically,
even a moderately sized collection of text has tens or hundreds of thousands
of terms. Hence, the document vectors are high-dimensional. Because of this

high-dimensionality of term space, term selection methods have been developed.

As an instance, in Text Categorization (TC), defined as classification of doc-
uments into a set of predefined categories [7], three well known term selection
methods are: DF (Document Frequency), the number of documents in which a

term t; occurs (df,); CHI (CHI-statistic), measures the lack of independence be-
tween a term and the category, then CHImax is computed for a term obtaining

the maximum on all categories; IG (Information Gain), measures the number
of bits of information obtained for category prediction by knowing the presence
or absence of a term in a document, IGsum for a term represents the expected
information gain on categories. These three term selection methods are effective

in the TC task [11]. Furthermore, same methods, but not limited to them, are
used in diverse tasks as in Text Clustering [8].
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